Redefining Al Application Transitions
A Structured Approach for Seamless Takeover and
Sustainable Operations
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1. Executive Summary

Enterprise Al adoption is transforming not only how applications are built, but also how they are transitioned,
governed and operated at scale. As organizations embed Machine Learning models, generative Al platforms and
intelligent automation into decision-making, customer experience and operational workflows, the transition of
Application Management and Support Services (AMS) for Al systems has become a strategic priority with tangible
business, operational and reputational implications.

Traditional transition models assume predictable application behavior and well-defined knowledge sources such
as code, documentation and subject matter experts. Al systems challenge these assumptions. Their behavior is
shaped by models, data, prompts, feedback loops and changing external conditions. Transition risk is therefore
no longer purely operational; it can be behavioral, regulatory, reputational and difficult to reverse if mishandled.

This whitepaper presents a practical, experience-led approach to Al transitions, centered on direct observation,
controlled validation, behavioral stabilization and responsible governance. It positions the Mphasis transition
philosophy as the natural evolution of proven AMS discipline into an Al-native, behavior-aware service model
for the Al-led enterprise.

e Shift from knowledge transfer to behavioral reconstruction.

e Move from documentation completeness to output reliability.

¢ Replace static handover confidence with continuous validation.

e Embed Responsible Al, auditability and governance from the start.
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Figure 1: Traditional vs. Al-Native Transition Paradigm

2. The Al Transition Reality: Why it is Different
and Why it is Risky

Traditional transition models fall short because Al systems redefine behavior, control and ownership.

Unlike deterministic applications, Al applications are probabilistic, context-sensitive and continuously shaped
by data, models, prompts, pipelines, feedback and retraining cycles. The transition challenge is therefore not
limited to knowledge transfer; it is a behavioral understanding and validation challenge.



This is not a complete departure from AMS. Al systems still operate within enterprise ecosystems, carry SLA
commitments, require incident and problem management discipline and remain subject to governance and audit
obligations. What changes is the primary control mechanism:

¢ From code understanding to output validation. ¢ From process adherence to continuous calibration.
e From documentation completeness to behavioral ¢ From deterministic AMS to behavior-aware,
consistency. Al-native AMS.

While Al introduces new dimensions such as behavioral variability, model governance, prompt engineering and
continuous monitoring, it does not replace established transition management practices. Foundational disciplines,
including governance, service management, knowledge management, risk management and stakeholder
engagement remain critical success factors. Al transition builds upon these foundations by augmenting them

with behavioral validation, output assurance and continuous monitoring.

This shift introduces interconnected risks across technical, operational, financial, governance and organizational
dimensions. Key transition risks include:

¢ Hidden dependencies across data lineage, model pipelines, prompts, APIs and feedback loops.

¢ Limited explainability caused by black-box models, proprietary architectures or restricted training visibility.

e Model drift and behavioral instability triggered by changing data, users or business conditions.

¢ Undocumented orchestration logic embedded in prompts, pipelines and external services.

¢ Dependence on human-in-the-loop controls, decision points and escalation pathways may be insufficiently
documented or understood during transition.

e Governance exposure across privacy, fairness, auditability, intellectual property and regulatory compliance.

Skill availability is a defining constraint. Al transitions require multidisciplinary expertise across Al/ML engineering,
data engineering, MLOps, application support, security and governance. This raises pressure on workforce
readiness, ramp-up speed and long-term scalability.

Cost, compliance and governance further increase the complexity of the transition. Compute and inference
infrastructure, model and platform licensing, data engineering effort, specialized skills, tooling, knowledge
reconstruction and slower productivity ramp-up push Al transitions beyond labor-arbitrage models. Leadership must
balance cost efficiency, capability readiness, operational resilience and regulatory confidence.

Proprietary or non-standard Al platforms can introduce additional transition complexity, particularly when operational
support, security controls, governance mechanisms and compliance requirements must align with enterprise
platform standards.

Key Risk Dimensions in Al Transitions
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Compliance and Responsible Al are increasingly contractual expectations — not governance choices.

Leadership decisions now balance cost efficiency, capability readiness and regulatory compliance.

2 | Figure 2: Key Risk Dimensions — Model, Data, Operational, Compliance, Ethical, Cost, Skills



3. Structuring the Transition for
Behavioral Stability

A successful Al transition requires a model that manages uncertainty while preserving operational continuity.
The approach must be validation-led, technically grounded and anchored in structured AMS execution.

The transition journey should begin with Al estate discovery and behavioral baseline definition.

These activities serve as the reference point for all subsequent validation, control and stabilization activities.
e Map models, prompts, pipelines, APIs, data sources and vendor dependencies.

e Establish data lineage, quality controls and retraining workflows.

¢ Define output consistency measures, accuracy thresholds, edge-case behavior and acceptable variability.

e Set drift thresholds and validation criteria before transition execution begins.

Execution should then run through parallel control loops across application transition, data pipeline transition,

model validation and governance integration. Knowledge transfer is extended with behavior observation, output
comparison during parallel runs and reverse validation, ensuring that both structural knowledge and system behavior
are consistently understood and replicated. Stabilization becomes a controlled validation phase, with success
measured by system behavioral stability under live conditions rather than by activity completion alone.

The lifecycle is therefore not reinvented; it is reframed. Runbook alignment, incident triage, SLA tracking and
operational governance remain essential. The structure stays, while the control mechanism evolves.
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Figure 3: Al Transition Lifecycle Flow

4. The Mphasis Way: Strategies in Action

Al transitions must ultimately deliver measurable outcomes: stable system behavior, reduced transition risk, faster
stabilization, governance confidence and predictable cost. The Mphasis transition philosophy is designed to achieve
these outcomes by integrating output assurance, operational discipline and cost-aware capability management.

It replaces subjective, experience-led planning with a structured, data-driven approach purpose-built for

Al application transitions, while preserving the AMS rigor enterprise customers expect.



The philosophy builds on Mphasis' proven transition heritage. Service Value Analysis has long supported traditional
AMS transitions by assessing factors that influence the pace of transition, service value and execution complexity.
The Al Transition Complexity Index (ATCI) extends this discipline into the Al domain by shifting the assessment lens
toward behavioral, technical, governance and capability dimensions.

ATCI assesses Al transition complexity through five interconnected lenses:

Execution Complexity: Al estate size, number
of models, data pipeline maturity, technology
stack breadth and output variability.

Cost-Capability Overlay: Compute intensity

(GPU consumption, inference usage and

token-based workloads), platform licensing,

specialized skills, tooling and alignment

between capability needs and cost discipline. Scoring Engine
5 Dimensions

Business Criticality: Operational dependency,
ATCI decision sensitivity, regulatory exposure and
reputational impact.

Al-Specific Factors: Behavioral baseline Delivery Readiness: Available skills,
maturity, explainability, drift susceptibility, incumbent dependency, transition timeline
prompt sensitivity and validation depth. pressure and multi-vendor coordination.

COMPLEXITY BANDS — DRIVE PROPORTIONAL EXECUTION STRATEGY

Figure 4: ATCI Framework

Each dimension is scored using standardized weightings to produce a dimension-level profile and an overall ATCI
score. The score classifies transitions into defined complexity bands from Low to Critical. Higher bands trigger
tailored execution protocols, including extended parallel validation, stronger governance controls, phased behavioral
stabilization and enhanced monitoring thresholds. This enables leadership to quantify complexity objectively, identify
fragile areas early and make informed cost-capability decisions.

ATCI outputs are not limited to scoring; they directly influence transition design decisions, including transition
duration, validation depth, governance intensity, operating model structure and resource planning.

In practice, ATCI helps differentiate transition strategies across Al service archetypes.
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¢ Mission-critical Al and Machine Learning platform services supporting core operational workflows typically
score high on execution complexity and business criticality, requiring extended parallel runs, enhanced
operational observability, stronger governance controls and rigorous service readiness validation.

¢ Decision-sensitive internal Al services, such as fraud detection or risk models, often have high business
criticality and moderate execution complexity, requiring governance-heavy validation.

¢ Knowledge and discovery Al services, such as enterprise search or sales aassistants, may have lower
business criticality but higher Al-specific risk, requiring stronger drift control and feedback loop management.

Mphasis' early experience supporting a large-scale Al and Machine Learning platform transition program for a
leading North American airline demonstrates the varied demands of transitioning large-scale Al platforms. In such
environments, the emphasis is typically on model reliability, platform availability, operational observability and

the consistent execution of Al-enabled business processes under production conditions. In a decision-sensitive
Al environment, such as fraud detection or risk scoring, the focus would shift toward threshold calibration,
explainability, regulatory evidence and false-positive or false-negative control. In knowledge- and discovery-oriented
Al services, such as enterprise search or sales assistants, the primary emphasis would be on content relevance,
prompt stability, drift control and feedback-loop governance. These scenarios illustrate how the same ATCI
framework drives different transition strategies based on context.

Assessment alone does not deliver outcomes; it must be matched with execution discipline. The Mphasis model
brings five interlocking practices to bear:

e Behavioral benchmarking: Define benchmark datasets, drift thresholds, output-consistency measures and
human-validation points.

¢ Parallel validation: Compare Al outputs with incumbent operations to surface deviations early and contain risk.

¢ Governance by design: Embed Responsible Al, explainability, data lineage, auditability, security and privacy from
day one.

e Cost-capability optimization: Use Al accelerators, trained teams, specialist capability pools and embedded
automation instead of relying on labor arbitrage.

¢ Continuous monitoring: Extend validation beyond cutover through drift detection, governance audits,
performance recalibration and ongoing model oversight.

4.1 Indicative Success Measures

The model can be assessed using a practical set of transition success measures that link knowledge readiness, output
assurance, operational stability and business acceptance.

Metric Area Indicative Measure

Knowledge readiness Knowledge acquisition completion % and KT playback quality

Behavior/output validation success % against agreed baseline with

Outputiassurance planned ‘Human in the loop’ interventions

Prompt and Prompt validation coverage % and workflow replay completion
workflow coverage and accuracy
Drift control Drift threshold compliance % during parallel run and stabilization

Service continuity SLA achievement % and incident ageing/backlog trend & integration
of past non-Al backlog to mainstream
Duration to reach agreed steady-state stability and reduced

Stabilization . .
assisted resolution

Business acceptance Business sign-off, user adoption and satisfaction feedback



A distinguishing feature of the Mphasis methodology is design-thinking-led stakeholder collaboration. Al transitions
involve a broader and more specialized stakeholder ecosystem than traditional engagements. Effective planning
requires structured participation from each persona:

¢ Data scientists and ML engineers define behavioral baselines and drift thresholds.

¢ Data engineers support pipeline, lineage and data quality handover.

e MLOps and platform engineers validate retraining workflows, deployment pipelines and infrastructure readiness.
¢ Compliance and ethics officers anchor Responsible Al sign-off, audit readiness and governance controls.

¢ Business owners and product managers align on output reliability, business impact and acceptable variability.
¢ Incumbent vendor teams participate through cooperative handover protocols and evidence-based validation.

4.2. Governance Cadence and Accountability Overlay

To make governance operational rather than conceptual, the transition model should define additional Al-specific
governance layers on top of standard transition governance.

Plan, risks "
Al-Aware ! - Transition lead
" dependencies, . Ny Weekly
Transition PMO acceptance gates delivery, client PMO
Baselines, output
Al Validation Forum comparison, 'SA‘L/MIB’ rtMIS_I\O/IFI;Ss’ Daily/Weekly
drift deviations pport,
‘ Privacy, security . .
Responsible Al & 2 ) Compliance, security.
. . explainability, bias, L ’ Weekly
Compliance Review audit trail data, ethics, legal
. Output reliability, Business owners,
Egrsl:r;qess Acceptance usability, exception product owners, Weekly
handling operations
Critical risks, Leadership, account,
Steering Governance readiness, investment delivery, client Fortnightly/Monthly
decisions sponsors

This Al Application Transition framework is primarily aligned to the Mphasis Application Management Services (AMS)
tribe by extending proven service transition, stabilization, governance and operational support principles into the
emerging domain of Al Application Services.

The framework further incorporates Mphasis Cyber Security tribe principles through Safe and Responsible Al
controls covering governance, privacy, security, compliance, explainability, auditability and model-risk management.

Together, these capabilities help organizations transition Al services into stable, secure and operationally sustainable
production environments.

What differentiates Mphasis is the way these elements work together. Al-first discovery, ATCI-led assessment,
validation-led execution, governance by design and stakeholder-centric engagement combine into a transition
system that is behavior-aware, evidence-based and enterprise-scale. TransitionGenie, Mphasis' native transition
intelligence platform, strengthens this model by accelerating knowledge extraction, helping establish baseline
expectations, automating documentation, supporting continuous learning and reducing onboarding time across
complex transitions.

6 |



Mphasis differentiates through a transition model balancing behavioural validation,
technical rigour and cost efficiency — anchored in a scientific assessment heritage.

APPROACH & COLLABORATION
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Figure 6: Mphasis Differentiators

5. Closing Perspective

Al application transitions mark a defining shift in enterprise service delivery. They require behavioral validation, continuous
monitoring, integrated governance and cost-aware capability models, while still delivering stable operations, SLA
adherence, business continuity and cost efficiency. These are not competing priorities; together, they define the Al-native
AMS model modern enterprises now need.

The Mphasis approach shows that Al transition success is not about choosing between AMS rigor and Al specialization.
It is about integrating both into a coherent service philosophy that treats behavior as the new code, validation as the new
control and stakeholder partnership as the new contract.

Mphasis' early experience in Al and Machine Learning platform transition programs demonstrates the practical value of
combining proven AMS disciplines with Al-native capabilities such as behavioral assurance, continuous validation and
governance by design.

As Al platforms, operating models and regulatory expectations continue to evolve, the Mphasis Al-native transition
framework is designed to incubate ideas, scale and adapt, providing a structured foundation for the next generation of
Al application transitions.

Al application transition is not a departure from traditional AMS.
It is the natural evolution of AMS into a behavior-aware, Al-native
service model for the Al-led enterprise.
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At Mphasis, engineering has been in our DNA since inception.
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At the heart of our approach is customer-centricity —reflected in our proprietary Front2Back™ transformation framework, which uses the
exponential power of cloud and cognitive to deliver hyper-personalized digital experiences (C = X2C:, = 1) and build strong relationships with
marquee clients. Our Service Transformation solutions enable enterprises pivot from legacy systems and operations to secure, adaptive,
cloud-first operating models with minimal disruption. Continuous investments in platforms, such as the Neo series, enable enterprises to stay
efficient, relevant, and ahead in a dynamic Al-first world. Mphasis is a Hi-Tech, Hi-Touch, Hi-Trust company, rooted in a learning and growth
culture. Click here to know more. (BSE: 526299; NSE: MPHASIS)

For more information, contact: marketinginfo.m@mphasis.com

USA UK INDIA

Mphasis Corporation Mphasis UK Limited Mphasis Limited

41 Madison Avenue 1 Ropemaker Street, London Bagmane World Technology Center
35" Floor, New York EC2Y 9HT, United Kingdom Marathahalli Ring Road

New York 10010, USA T:+44 020 7153 1327 Doddanakundhi Village, Mahadevapura
Tel: +1 (212) 686 6655 Bangalore 560 048, India

Tel.: +91 80 3352 5000 www.mphasis.com
Copyright © Mphasis Corporation. All rights reserved.

/07/26 US LETTER BASIL 10131


https://www.mphasis.ai/home.html
https://www.mphasis.ai/home.html
https://www.mphasis.com/home/our-approach-new.html
https://www.mphasis.com/home.html
https://www.bseindia.com/stock-share-price/mphasis-ltd/mphasis/526299/
https://www.nseindia.com/get-quotes/equity?symbol=MPHASIS

